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Abstract: Borrowers have an option of disclosing verified and non-verified 

information on peer-to-peer lending platforms. This study examines the effects of 

voluntary disclosure on the perception of lenders and their propensity to provide credit. 

Based on actual data from a leading platform, this study found that voluntary 

disclosure can be helpful to borrowers. However, from the perspective of loan 

repayment, non-verified information is found to have a negative effect, it does not 

reduce the information asymmetry. The credit information and online reputation can 

contribute to reduce the bias .The outcomes are identified invaluable to lenders and 

investors, governmental compliance agencies and P2P firms can also find this article 

useful for developing standards and policies for best practices. 
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1. Introduction 

Non-traditional financial institutions in China are thriving, a new format comes out, 

peer-to peer lending. It connects the lenders and borrowers through the Internet, 

while borrowers get loan and lenders get benefits. Peer-to-peer lending has low entry 

barriers and flexible transaction patterns, which covers those who’s credit is off-record 

in traditional institutions using Internet usage traces. Former research shows that in 

light of the “virtual collateral” and ”soft information constraint”, a peer-to-peer 

financial market model can be developed and proved effective to small borrowers who 

are not able to get loans from traditional banks (Liu, Lai, 2015 [1]). 

As peer-to-peer lending market expands, problems start to show off. The platforms’ 

capability of rating borrowers’ credit is questionable, data islands still exist, and the 

regulatory system is lacking. Compared to the traditional financial market, peer-to-

peer lending reduces the search cost and operation cost for users, but increases 

information cost due to information asymmetry caused by the lack of standardized 

market credit system(Freedman S., Jin G.Z. 2008 [2]). Asymmetric information 
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between lenders and borrowers can arise adverse selection and moral hazard, which 

harm the interests of platforms, lenders and high-quality borrowers (Ahlina C., 

Townsend R. 2007 [3]). Complete and reliable information disclosure is the most 

effective and direct way to solve the information asymmetry, which can achieve signal 

transmission, improve market efficiency and ease the adverse selection on the 

platform. 

Compared with forced information disclosure, voluntary disclosure contains 

individual's initial intention. Hughes’ Research shows that entrepreneurs tend to over-

invest in those tradable assets who have precision information due to the option value 

of discretion over disclosure (Hughes J., Pae S. 2004 [4]). And even if enterprises 

disclose negative information like profit warnings, it still enhances market liquidity by 

reducing information asymmetry and lowering bid-ask spreads and increasing trading 

volumes (Dayanandan A. et. 2017 [5]). The behavior of voluntary disclosure from the 

lending platforms is related to the decrease of financing cost and default risk, and is 

significantly positive to the cash flow (Zhang, Wang, 2016 [6]).  

The above paper are based on the company's perspective to research the value of 

voluntary disclosure, this paper is based on the borrower’s perspective to explore if 

voluntary disclosure is related to its credit value, thereby reduce the asymmetry of 

information. If borrower's voluntary disclosure’s impact on the success rate of getting 

funded is consistent with the performance of its repayment, then voluntary disclosure 

delivers the credit signal, and lenders identifies those information correctly, in other 

words, borrower’s voluntary disclosure reduces information asymmetry. Through this 

study it is possible to make more cognitions on the behavior of borrowers and help 

investors to make decisions from the hidden information. 

 

2. Literature Review 

The existing researches focus on the relationship between the disclosed information 

and financial performance on peer-to-peer lending platform. Liu (2017) [7] proposed 

that borrower's demographic information, loan information and credit rating 

information all affect lender’s behaviors, and lenders are more likely to invest 

borrowers who are older and whose identities are students or private business owners. 

Pope (2011) [8] found that white race and female borrowers are more likely to get 

loans based on the photos borrowers uploaded. Lender’s investment are affected by 

other users’ behaviors, in Liu’s study (2015) [9] there are significant pipeline effects, 

herding effects and prism effects on peer-to-peer lending platform. 

In Chen’s research (2014) [12], as an indicator of information quality, the adequacy 

of borrower's information disclosure can significantly affect investor's trust thus 

positively affect their willingness to lend. In Michels’ research (2014) [10] borrower’s 
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voluntary non-verifiable disclosures positively affect loan’s success, the more the 

disclosures are, the lower the interest rate is, the more the bidders are. On 

crowdfunding platform when campaign contributors elect to conceal information, it 

has a negative influence on subsequent visitors’ likelihood of conversion, as well as on 

their average contributions (Burtch G. 2016 [12]). In order to prove the effect of 

borrowers' voluntary disclosure on financing performance, this paper raises the first 

question: Do borrowers who voluntarily disclose more personal information are more 

likely to get the loan? 

Many researches studied the stage of the loan’s success, but they didn’t do the follow-

up study of borrower's repayment performance, which are more concerned by 

investors. Related researches show that investors' ability to identify information is 

limited, which makes it necessary to analyze the relationship between investor’s 

lending behavior and borrower's repayment performance, thus to see if the investors 

identified those information correctly and made the right decision. Lin (2016) [13] 

suggest that investors on crowdfunding platforms tend to invest borrowers who are 

from the same home country with them, even though the return interest is low. Liao 

(2015) [14] proposed that highly educated borrowers are less likely to default, but 

they are not favored by investors on the platform, investor’s behaviors have bias. 

Irrational discrimination is also identification bias, on Renrendai, there is a significant 

difference between the loans’ success rates in different regions, but the default rate 

is not as much as different (Liao, 2014 [15]). This paper researches if the borrowers’ 

voluntary disclosure is really helpful to the investors to make right decisions. 

On peer-to-peer lending platform, borrowers have the absolute advantage on 

information. Firms which have more resource available and grow rapidly are more 

likely to disclose heir reports, conversely, which are in worse financial condition and 

under restructuring are less likely to disclose(Lin, Rao, 2009 [16]). Similarly, borrowers 

prefer to disclose information that is good for their interests and are not willing to 

disclose any information that may have negative impact on financing performance. If 

borrowers are aware of they are under bad financial situation or they have the 

intention to default, they may choose not to disclose their information so they can 

reduce the bad consequence. In other words, the behavior of not disclosing may be 

the signal of risk. This paper raises the second question: are borrowers who disclose 

less information more possible to default?  

 

3. Methods 

3.1 Data and Descriptive Statistics 

Renrendai is one of the largest and earliest founded peer-to-peer lending platform in 

China. Borrowers need to fill in the loan application firstly, including the title, the 
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description, the loan amount, the term and the interest rate, then they fill in personal 

information and submit certifications (some are forced to be disclosed), according to 

these the platform will rate borrowers credit and give them credits. Then the loan is 

approved and released so investors can choose whether to bid and how much they 

bid. Renrendai have established the insurance system, borrowers who fail to repay 

until 30 days will be marked ”overdue”, if borrowers fail to repay over 30 days, the 

platform will pay the investors instead. This study use Renrendai as our data source. 

Loans in Renrendai have four statements: failed, repaid, repaying, default. The 

repaying loans’ final statements are uncertain, so these loans will be removed. The 

longest term is 36 months, to make sure the repayment performance is available , this 

study use loans from December 2013 to July 2014 as sample, after filtering and 

cleaning, 30473 loans are used in this study. As shown in table 1, the possibility of 

getting loan is very small, only 2.67%, among those orders, 50.68% borrowers are 

overdue once, 19.56% borrowers are overdue over 30 days, 16.48% borrowers have 

not repay yet and the platform repay the lenders instead. The default rate on the 

platform is rather high, borrowers have difficulty of getting funded and investors take 

the high risk, the financial efficiency is damaged. 

Table 1 The Distribution of Samples 

Statement Repay performance 
No. of 

samples 
Proportion 

failed failed / 29666 97.33% / 

succeed 

repaid no overdue 401 

 

2.67% 

49.32% 

repaid overdue under 30 days 253 31.12% 

repaid overdue over 30 days 25 3.08% 

default default 134 16.48% 

total   30479 100% 100% 

 

3.2 Variable Design 

Borrower's information disclosure includes compulsory disclosure and voluntary 

disclosure, and voluntary disclosure includes verified disclosure and non-verified 

disclosure. In this paper, the number of verified voluntary disclosure and non-verified 

voluntary disclosure are set as independent variables, verified voluntary disclosure 

includes job certification, income certification, marriage certification, real estate 

certification, identity certification, work position certification, residence certification, 

mobile phone certification, vehicle production certification, video certification, social 

account certification, graduation certification, non-verified disclosure includes 

education, marriage, income, industry, company scale, company location, work 

position, working time. Compulsory disclosed information and loan’s information are 
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set as control variables, compulsory disclosed information includes borrower’s credit 

rating and credits, loan’s information includes loan amount, loan purpose( for business 

is 1, otherwise 0), loan term and interest rate. Recording to the studying questions, 

whether the borrower get the loan and whether the borrower is default are set as 

dependent variables. In table 1, 50.68% borrowers are overdue once, but only 19.56% 

borrowers are overdue over 30 days. After studying through the data we find that in 

all those overdue loans 41.75% borrowers repaid the loan in 1 day and 53.4% 

borrowers repaid the loan in 2 day. In fact, borrowers need to repay some amount of 

the loan on specific days of every month, sometimes borrowers forget to repay on 

time so the overdue loan occurs. And the platform will remind the borrower to repay 

so there are many borrowers who have overdue records but they repay in short time. 

So in order to identify borrowers who are default on purpose and who are default 

accidently, the maximum number of overdue days as an indicator of borrower’s 

repayment performance is set as dependent variable. The variables are shown in table 

2. 

Table 2 The Distribution of Variables 

 Symbol Variables Mean SD 

independent 

variables 

X1 verified voluntary disclosure 3.43 1.17 

X2 non-verified voluntary disclosure 5.99 2.78 

control 

variables 

X3 credit rating 1.061 0.41 

X4 credits 1173 8781.9 

X5 loan amount 69015 101247 

X6 loan purpose 0.20 0.40 

X7 loan term 14.78 8.64 

X8 interest rate 15.40 3.64 

dependent 

variables 

Y1 succeed 0.027 0.16 

Y2 default 0.165 0.37 

Y3 maximum number of overdue days 133.2 308.80 

Borrowers voluntarily disclosed 3.43 verified personal details on average, and 5.99 

unverified   

personal details on average. Most borrowers are rated high-risk and have small credits, 

19.87% of the loans are for business purpose. The loan amount is from 3000 to 

500000, and the loan term is from 3 months to 36 months, most loans are short-term 

and small amount. The average of interest rate is 15.4% and the highest interest rate 

is up to 24%, compared to the traditional financial forms, the interest rate is rather 

high on peer-to-peer platform. 

 

3.3 Model Specification 

This study focus on the relationship between borrower’s voluntary disclosure and the 

loan’s success and borrower’s repayment performance. The value of credits and loan 
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amount is rather large so the logarithms of them are used in the model. The VIF value 

between the explanatory variances are all less than 2 which is acceptable so there is 

no multicollinearity between explanatory variables. Whether the borrower get the loan 

and whether the borrower is default are all dummy variables which is apply to Probit 

models. The maximum number of overdue days is discrete variable which is apply to 

Poisson models. 

𝑌1 = 𝑃𝑟𝑜𝑏𝑖𝑡(𝛼1 + 𝛣11(𝑋1 + 𝑋2) + 𝛣12(𝑋3 + 𝑋4 + 𝑋5 + 𝑋6 + 𝑋7 + 𝑋8)
+ 𝜀1)                                                                                                                      (1)   

𝑌2 = 𝑃𝑟𝑜𝑏𝑖𝑡(𝛼2 + 𝛣21(𝑋1 + 𝑋2) + 𝛣22(𝑋3 + 𝑋4 + 𝑋5 + 𝑋6 + 𝑋7 + 𝑋8)
+ 𝜀2)                                                                                                                   (2)  

𝑌3 = 𝑃𝑜𝑖𝑠𝑠𝑜𝑛(𝛼_3 + 𝛣_31 (𝑋1 + 𝑋2) + 𝛣_32 (𝑋3 + 𝑋4 + 𝑋5 + 𝑋6 + 𝑋7 + 𝑋8)
+ 𝜀_3 )                                                                                                                     (3) 

 

4. Result and Analysis 

4.1 Information Identification 

Table 3 shows the results of above models. In model 1, all the explanatory variables 

have significant effects on the dependent variables. Borrower’s voluntary disclosure 

have a positive effect on the loan’s success, verified voluntary disclosure plays a 

greater role among them. Borrowers who have higher credits and high-level credit 

ratings are more likely to get the loan, investors favor those loans which is long-term 

and is for business. The larger the loan amount is and the higher the interest rate is, 

the lower the probability of getting loan. We can get the conclusion that borrower’s 

voluntary disclosure has a positive impact on loan’s financing performance, investors 

prefer to invest borrowers with more information disclosed voluntarily  no matter those 

information have or have not been verified 

The result of model 2 shows that verified voluntary disclosures is negatively correlated 

with the default rate, while unverified voluntary disclosures is not related to the default 

rate. Borrowers who have long term loans and who have bigger credits are more likely 

to default. Interestingly, model 3 further proves the opposite effect of verified 

voluntary disclosure and non-verified voluntary disclosure in evaluating the borrower's 

repayment performance. Borrowers who disclose more verified information voluntarily 

have less maximum number of overdue days, who disclose more non-verified 

information voluntarily are opposite. Borrowers who use the loan on business and who 

have high credit rating overdue less, who have long-term and high-interest rate loans 

overdue more. From model 2 and model 3 it can be concluded that borrowers who 

disclose more verified information voluntarily have better repayment performance, 

which are favored by the investors, borrowers who disclose more non-verified 

information voluntarily have poor repayment performance, which are also favored by 

the investors, non-verified voluntary disclosure did not actually reduce information 

asymmetry, investors did not identify those signals right, investor’s information 



Volume 5 Issue 2 2018 

   135 

identification have bias. 

Table 3 The Results of Models 

 Model 1 Model 2 Model 3 

verified voluntary 

disclosure 

0.2580*** 

(<2e-16) 

-0.0845 · 

(0.0796) 

-0.0596*** 

(<2e-16) 

non-verified voluntary 

disclosure 

0.1134*** 

(2.91e-12) 

0.0240 

(0.7848) 

0.0901*** 

(<2e-16) 

credit rating 
0.1631*** 

(2.15e-10) 

-5.8172 

(0.9646) 

-2.982*** 

(<2e-16) 

credits 
0.1246 *** 

(<2e-16) 

0.3380*** 

(3.72e-05) 

0.3269*** 

(<2e-16) 

loan purpose 
0.2682 *** 

(2.00e-16) 

0.1094 

(0.5354) 

-0.0978*** 

(<2e-16) 

loan amount 
-0.3740 *** 

(<2e-16) 

-0.1202 

(0.3647) 

-0.1187*** 

(<2e-16) 

loan term 
0.0173*** 

(1.07e-08) 

0.0817 *** 

(9.73e-14) 

0.0425*** 

(<2e-16) 

interest rate 
-0.0933*** 

(<2e-16) 

0.0215 

(0.4653) 

0.0709*** 

(<2e-16) 

constant 
0.3544 

(0.143) 

2.2746 

(0.9862) 

4.6578316*** 

(<2e-16) 

N 30479 813 813 

Pseudo R2 0.5091 0.4213 0.4166 

 

4.2 Interpretations 

The above result shows that the default risk is not same when borrowers disclose 

verified and non-verified information, and we try to figure out the explanations. In 

Guo’s research (2016) [17], borrowers who use network nickname which looks like 

the real name are more likely to default, he proposed that borrowers who are less 

qualified tend to use nickname which looks like real name to increase investor’s trust, 

and he proves that low-educated, short-time-working, low credit rating borrowers are 

more likely to do so. In Zhou’s research (2016) [18], peer-to-peer lending platforms 

which release more information about themselves will decline the users’ trust cause 

they feel the information is not reliable. This study continues to explaining and 

verifying the investors' identification bias. 

Firstly, the authenticity of the non-verified information can’t be guaranteed and does 

not reflex the true quality of the borrower. Based on borrower's personal information 

and historical behavior, the platform will rate the borrowers, many related studies 

proposed borrowers credit rating evaluation model. This article does not discuss how 

the rating model is applied, only use the credit rating to explain the relationship 

between non-verified voluntary disclosure and borrower’s quality. Constructing model 

javascript:void(0);
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4 as below, it can be found that borrowers who disclosed more non-verified 

information have lower credit rating while borrowers who disclosed more verified 

information have higher credit rating. It can be concluded that borrower’s non-verified 

voluntary disclosure does not really reflex the true level of borrower’s qualification. 

                         𝑋3 = 𝛼4 + 𝛣41(𝑋1 + 𝑋2) + 𝛣42𝑋4 + 𝜀4                                                          (4) 

 

Table 4 The Regression Result of Credit Rating  

 Model 4 

verified voluntary disclosure 0.1506086(< 2e-16 ***) 

non-verified voluntary disclosure -0.0023489(0.00221 **) 

credits 0.0147029(< 2e-16 ***) 

constant 0.5508400(< 2e-16 ***) 

N 30479 

R2 0.2275 

Secondly, the non-verified information are misleading. Some less-qualified and under-

capitalized borrowers are rated high-risk and do not have property certifications so 

they choose to voluntarily disclose more non-verified information, which is an easier 

way to win investor’s trust. Considering the cost qualified borrowers will set a 

reasonable interest rate, but less-qualified borrowers will set a very high rate to attract 

investors, and they will choose to disclose information that make getting loans easier, 

resulting in adverse selection. High interest rate is always associated with high risk, 

Emerkter (2015 [19]) proposed that loans  with high interest rates are more likely to 

be defaulted, and the benefits from high interest rates are not enough to compensate 

for the lost they cost. This paper examines the connection between borrower’s non-

verified disclosure and the interest rate they set to see whether there is misleading 

motivation. Setting interest rate as the independent variable and other variables as 

the dependent variables, from model 5’s result we can conclude that borrowers who 

disclose more non-verified information set higher interest rate, the misleading 

motivation exists. 

𝑋8 = 𝛼5 + 𝛣51(𝑋1 + 𝑋2) + 𝛣52(𝑋3 + 𝑋4 + 𝑋5 + 𝑋6 + 𝑋7) + 𝜀5)                             (5)  

Thirdly, non-verified information disclosed by borrowers does not contribute to the 

recovery and punishment. The peer-to-peer lending platform has a low threshold and 

generally there is no effective way of recovery, the main way is to contact the 

borrowers and their associates. Renrendai has the mechanism of recording default 

borrowers to the network financial credit information system but the coverage is 

limited. Another large peer-to-peer lending platform, Ppdai, puts default borrowers to 

their blacklist and publish their real names and personal information, which do not 

involve non-verified information. It can be seen that the platform is doubtful about 
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the non-verified information but it still affects the investors' decision-making. 

Fourthly, there are confirmation bias in investor’s information identification. Investors 

on the platform generally favor risks and pursue higher profits. When borrowers set a 

higher interest rate, investors think it’s profitable, and in order to support their own 

subjective thought, investors are more willing to look for a strong basis and they tend 

to believe the information that borrowers disclosed which is temping, and ignore the 

information which is inconsistent with their expectations. If the borrower sets a 

repayment rate of 20% and released that he or she is a credible, highly educated, 

high-income person, even the platform rates the borrower highest risk level, the 

investor may prefer to believe the borrower while ignoring the risk information given 

by the platform. Identification bias occurs not only because the borrowers mislead but 

also the investors choose to believe what they want to believe.  

Table 5 The Regression Result of Interest Rate 

 Model 5 

verified voluntary disclosure 0.0472(0.0509·) 

non-verified voluntary disclosure 0.1032(<2e-16 ***) 

credit rating -0.5093(<2e-16 ***) 

credits -0.0974(4.44e-16 ***) 

loan purpose -0.0843(0.1073) 

loan amount 0.0177(0.3203) 

loan term 0.0447(<2e-16 ***) 

constant 14.3862(<2e-16 ***) 

N 30479 

R2 0.0253 

 

4.3 The Reduce of Identification Bias 

Investor’s information identification have bias, this bias can be released through other 

signals. 

On the lending platform, it’s easier for online shop sellers and private owners to obtain 

loans at lower costs, but this discrimination is not significant in higher credit quality 

market segments (Zhuang, 2015, [20]). Borrower’s credit rating is a very important 

signal, this article studies whether the credit rating can release this identification 

deviation. We divide the samples according to whether the borrower is rated to high 

risk level, and calculate the model 1’s result separately. From table 6 we can see that 

high risk borrower’s non-verified disclosure has a significant positive impact on the 

financing performance, while the impact of borrower which has low risk level is less 

significant. In other words, borrowers with high risk ratings can mislead investors 

through non-verified information, investors can mitigate the identification bias through 



Volume 5 Issue 2 2018 

   138 

investing borrowers with higher credit ratings. 

The borrower's online social information can play the role of pre-screening, supervising 

and post-punishing to achieve the signal transmission and bias mitigation. Collier and 

Hampshire (2010) [21] found that linking the borrower's social capital information to 

the platform's reputation system can generate more valuable signals which is 

conducive to investors' right decisions. Lin (2013) [22] found that visible social capital 

are associated with lower risk of default and lower interest rates. We divide the 

samples according to whether the borrower have social network information, and 

calculate the model 1’s result separately. From table 6 we can see the non-verified 

disclosure of borrower who doesn’t have social network information has a significant 

positive impact on the financing performance, while the impact of borrower which has 

social network information is not significant. Investors can mitigate the identification 

bias through investing borrowers with social network information released on the 

platform. 

Table 6 regression result of different samples 

 High risk Non-high risk No social info Social info 

verified voluntary 

disclosure 

0.2396*** 

(<2E-16) 

0.0155 

(0.46775) 

0.2958*** 

(<2E-16) 

0.2063*** 

(1.31e-05) 

non-verified voluntary 

disclosure 

0.0963*** 

(3.90e-06) 

0.0854 · 

(0.06832) 

0.11706*** 

(3.86e-11) 

-0.0388 

(0.579344) 

credit rating NA NA 
0.2442*** 

(<2E-16) 

0.0271 

(0.584149) 

credits 
0.1861*** 

(<2E-16) 

-0.0298** 

(0.00248) 

0.1277*** 

(<2E-16) 

0.0656*** 

(0.000548) 

loan amount 
-0.0927*** 

(<2E-16) 

-0.1300*** 

(4.53e-123) 

-0.1026*** 

<2E-16) 

-0.0861** 

(0.001223) 

loan purpose 
0.2123** 

(0.00486) 

0.3380** 

(0.00475) 

0.2743*** 

(6.36e-06) 

0.2547 

(0.1714) 

loan term 
-0.4122*** 

(<2E-16) 

-0.3987*** 

(<2E-16) 

-0.4007*** 

(<2E-16) 

-0.3723*** 

(3.05e-07) 

interest rate 
0.0191*** 

(1.08E-06) 

0.0034 

(0.61976) 

0.0182*** 

(2.09e-08) 

0.0145 

(0.201348) 

constant 
0.7198*(0.02507

) 

4.7369*** 

(2.01e-14) 

0.4233 

(0.106) 

2.0294* 

(0.019593) 

N 29626 853 29728 751 

Pseudo R2 0.5731 0.1502 0.5294 0.3391 

 

5. Conclusion 

This study examines the effects of voluntary disclosure on the perception of lenders 

and their propensity to provide credit. On peer-to-peer platform, borrowers who 

voluntarily disclose more information are more likely to get loan no matter the 
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information is verified or non-verified, but there are difference between the risk of 

them. Borrowers who voluntarily disclose more verified information have a lower 

default rate and a shorter maximum number of overdue days, but borrowers who 

voluntarily disclose more non-verified information turns out to have a longer maximum 

number of overdue days. Non-verified information disclosed by borrowers do not 

reduce the information asymmetry, investor’s perception have bias.  

This study continues to explore the explanations. Firstly, the lack of information’s 

authenticity is the reason of inconsistent between the information and the qualities of 

borrowers. Secondly, unqualified borrowers have the intention of misleading investors. 

Thirdly, information disclosed by borrowers are not helpful to the recorvery. Fourthly, 

investors have confirmation bias. However, for those borrowers who are already have 

a high credit score or willing to disclose various social media accounts, non-verified 

information have a less effect on lenders behaviors.  

This study not only enriches the theoretical research on user behavior, but also has 

some practical significance for borrowers, investors, platforms and regulatory 

authorities. For borrowers, repaying loans on time and maintaining good credit rating 

while establishing more social capital is the basis to fully enjoy the economic benefits. 

Investors do not have complete information identification capabilities and should be 

vigilant about information provided by borrowers, they should use the verified 

information as the main basis and combine with other signals such as borrower's credit 

rating, borrower's social information and the interest rate to mitigate risk and improve 

the return on investment. 

The peer-to-peer lending platform’s lending process and approval system is constantly 

improving, and they achieve the credit rating of borrowers not only based on the 

information on the platform but also the third-party credit reporting agencies. From 

this article, firstly, the platform can integrate the voluntary and authenticity of the 

borrower's information disclosure into the credit rating system. Secondly, a 

standardized disclosure process should be established to guide borrowers in reliable 

disclosure while increasing the cost of fake information and making use of public 

supervision. Thirdly, the platform should establish a reliable information review 

mechanism to verify borrower’s information, meanwhile, for those information that 

can not be verified, the platform should make a clear mark on them. Most platforms 

currently do not distinguish the information and investors are vulnerable to misleading, 

it is important to make risk warning signals to investors. 

The lending industry is developing rapidly, but the market order still need to be 

improved. Establishing a comprehensive social credit system is still the main solution 

to the adverse selection and moral hazard caused by the asymmetric information. 

Firstly, the regulatory authorities should promote cooperation among various credit 
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institutions. Secondly, the regulatory authorities should also standardize the disclosure 

mechanism of the peer-to-peer lending platform and disclose the potential risks faced 

by users. Thirdly, the regulatory authorities should establish the platform evaluation 

system. The information released by the platform itself may also be misleading, the 

regulatory authorities are required to monitor the actual operation of the platforms to 

reduce financial risks, improve financial efficiency and promote the healthy 

development of the online lending industry. 
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